YooY (YR) AA Gkl ) i
[VAY=1YY] o

SLEEN ) ) il g AdSal) A8 o A j\Aa
A3l Jedlad) (B panl)

u&hma»\wa.\_.}h godall (uig slia ) gisal)
by sl elan) pud- el i
ol el () i A o)l a5 il sle S
PRECIR

dadlid) 30 jhal Cpag cdoia 3 Judead) A oy Tad 9 Lalaia) B AW 40 oW cing

oskiaay.  Adsal AN A8k A Lt Aliuall ally 5l g dda 3 Addad) Judas

& Alaill AduSal) AT 4 e ) iagd) 13 Ciagy | el b Ao lihal) Al Gl

b gia dlais) af Y ¢ Uadll occal) JLASN) <) dpuanl) clSuid 9 ARMA (p,q) Aalidal)

pUaY) G 3 Adlhal) axdll Jaza AE £UbA ddthal) adll Jinag MSE Usid cilay ya
Lagy Alaliall dpilaa) yulas MAPE

The Comparison of Adaptive Filtering and Back Propagation Neural
Networksin Time Series

Safaa Y. Saffawi (PhD) Muthaina A. Mustafah
Assistant Professor Assistant Researcher
College of Computers Sciences and Dentistry College
Mathematics University of Mosul

University of Mosul

Abstract

An increasing interest in studying the time series has been recently regarded. One of
the potential methods in analyzing the time series and forecasting the future values is the
adaptive filtering. A modern method of analyzing time series is the artificial networks in
forecasting. The purpose of current paper is to compare the adaptive filtering ARMA(p,q)
model with Back propagation neural networks. The mean square error, mean absolute error
and mean absol ute percentage has been adopted as a datistical criteria mean to find the best
one and get a good result. Application was done on alive births of males' data of Mosul city
using ANNSs, and AF techniques.
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