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Modified Robust M-approach to estimate the parameters

of linear Regression model
Key Words: Outliers , Robust M Estimators , Weighted
Least Squares Estimators

Abstract :

The idea of this research is to find construction Weighted
Robust for the estimate parameters of the linear regression model
by blend Robust M- approach and Weighted Least Squares
method to handle the influence of Outlier Values, which don't
harmonies with the system of data set, in order to get new
estimators, The mean square error criterion is used to check the
efficiency of the new method with OLS , WLS and Robust M-
estimators.
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Mickey & Clark (1)
O.L.S W.L.S R.M R.M.W
c:ftft' 43 | 0.09 | 0.436] 4.3 | 0.09 (0.436] 4.3 | 0.09 | 0.436] 4.3 | 0.09 | 0.436
o [ep?| i DF [ cD?| i DF | cD?| ii DF [ cD® | nii DF
2 0.107 0.156 * *
5 0.455 0.505 * *
6 [ 0.096 |
10 0.522 0.535 * 0.667
11 1.099 1.454 * 0.439
17 0.476 0.484 * *
18 0.604 * 0.569 0.370
19 1.697 2.507 * *
- %
(*)
B
B
M
RM.W (1)
RM WL.S
*
6 SPSS
(2) h;(w)
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Micky & Clark 2
O.L.S W.L.S R.M R.M.W
Bo 109.874 106.171 112.422 110.067
B1 -1.127 -0.814 -1.269 -1.060
MSE 121.505 113.971 120.127 13.176
R.M.W
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