2009 (16) dailastl oglall .yl yall dsoll
[130-115]pp

(MSD) (
(MAD)

Pattern Matching Fuzzy Models for Time series
Forecasting with Application

ABSTRACT

We study a new technique of forecasting time series , this is
technique is pattern matching Fuzzy, which identify past
relationships and its trends in historical data for forecasting
future values .We connect Fuzzy Pattern Matching model with
time series and we also make algorithm of Fuzzy Pattern
Matching and application it on the real data (consuming electric
energy in Ninevah Governerate) , and we used Mean Squared
Deviation (MSD) and Mean Absolute Deviation (MAD) to get
the optimal values
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1 2003/6/15 7077
2 2003/6/16 7574
3 2003/6/17 7319
4 2003/6/18 7440
5 2003/6/19 7394
6 2003/6/20 6741
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