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Employ the Principal Componants Manner in the
Forecasting by Box — Jenkins Models

ABSTARCT

In this Research, we employ Principal Components manner for
the forecasting in the time series , we are making the forecast to a
data which are used from the researcher ( Ljung,1999). When we
use the principal components,we obtain a good forecasting with
a good statistcal specifics
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504 || 4.5777 | 3.3837 | 5.7717 | 4.1221
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