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ABSTRACT

The aim of this research is to use neural network in future forecasting field to
show the of jumping competitions in international Olympics for (2016-2024).

Expert system named (AAA) is designed by using neural network in future
forecasting field for period chain of data from 1984 to 2012,which represents 8 years
period. The data represent the first three winners in running competition for (100 m.,
200 m., 400 m., 100 m. Hurdles, 400 m. Hurdles, 4x100 Relay, 4x400 Relay), The
prepared programs for this research has been done C++. Then it forecast three future
levels represented in (2016, 2020, 2024),where the Olympic Cycle take place each 4
years.

Throughout the results it found that forecasting values are the best by using
neural networks then other traditional methods used before.

This paper is depended on the results of athletes who take Olympic medals in
women jumping events (long, triple, high and pole-vault) in 8 Olympic cycles, since
Tokyo cycle (1984) till the last Olympic cycle in (2012) . The cycle on (1984) was used
as the beginning of study as it considered as the first Olympic cycle.

Keywords: forecasting, neural network, expert system, jumping competitions.
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